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Abstract

We prove almost tight hardness results for finding independent sets in bounded degree graphs
and hypergraphs that admit a good coloring. Our specific results include the following (where
∆, assumed to be a constant, is a bound on the degree, and n is the number of vertices):

• NP-hardness of finding an independent set of size larger than O

(
n
(

log ∆
∆

) 1
r−1
)

in a 2-

colorable r-uniform hypergraph for r > 4. A simple algorithm is known to find independent
sets of size Ω

(
n

∆1/(r−1)

)
in any r-uniform hypergraph of maximum degree ∆. Under a com-

binatorial conjecture on hypergraphs, the (log ∆)1/(r−1) factor in our result is necessary.

• Conditional hardness of finding an independent set with more than O
(

n
∆1−c/(k−1)

)
vertices

in a k-colorable graph for some absolute constant c 6 4, under Khot’s 2-to-1 Conjec-
ture. This suggests the near-optimality of Karger, Motwani and Sudan’s graph coloring
algorithm which finds an independent set of size Ω

(
n

∆1−2/k
√

log ∆

)
in k-colorable graphs.

• Conditional hardness of finding independent sets of size n∆−1/8+o∆(1) in almost 2-colorable
3-uniform hypergraphs, under the Unique Games Conjecture. This suggests the optimality
of the known algorithms to find an independent set of size Ω̃(n∆−1/8) in 2-colorable 3-
uniform hypergraphs.

• Conditional hardness of finding an independent set of size more than O
(
n
(

log ∆
∆

) 1
r−1
)

in

r-uniform hypergraphs that contain an independent set of size n
(

1−O
(

log r
r

))
assuming

the Unique Games Conjecture.
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1 Introduction

The Independent Set problem is one of the most well-known NP-complete problems. On general
graphs (and hypergraphs), even approximating the solution to a factor of n1−ε (as a function of
the number n of vertices) is known to be NP-hard. For graphs with maximum degree at most ∆, a
simple greedy algorithm finds an independent set of size Ω(n/∆). For graphs which are promised to
have small chromatic number, a better guarantee is known: given a k-colorable graph, an algorithm
due to Karger et al. [12] uses semidefinite programming (SDP) to find an independent set of size
about Ω(n/∆1−2/k). Similar SDP based algorithms for finding independent sets of non-trivial size
are also known for 2-colorable 3-uniform hypergraphs [1, 4].

In this paper, we investigate the inapproximability of the independent set problem on bounded
degree graphs and hypergraphs which are promised to be colorable with few colors (and therefore
in particular have a large independent set). We obtain several strong hardness results even for such
hypergraphs, and our inapproximability factors as a function of the degree bound ∆ almost match
known algorithms.

Before stating our results and comparing them to the known algorithmic bounds, we recall the
basic terminology. An r-uniform hypergraph G = (V,E) consists of a collection of vertices v ∈ V
and a collection of (hyper)edges e ∈ E where e is a size r subset of V (e ∈

(
V
r

)
). The degree of a

vertex v ∈ V , ∆v is the number of times it appears in edges. A hypergraph G is degree-∆ bounded
if all vertices have degree at most ∆. Notice that for r = 2, this definition corresponds to a graph.
An independent set of G is a subset I of vertices such that no edge is completely contained in I.
Similarly, a subset of vertices S is a vertex cover of G if S has non-empty intersection with all edges.
A hypergraph G is called k-colorable if its vertices can be partitioned into at most k many disjoint
independent sets. A related weaker notion is (k, ε)-semicolorability, where there is a k coloring so
that at most ε-fraction of edges are monochromatic.

1.1 Our results

We obtain several hardness results for finding independent sets of the following general form: given
a degree-∆ bounded (hyper)graph G with some strong structural property that guarantees the
existence of a large independent set (such as k-colorability for some small k), it is nevertheless hard
to find an independent set of size n

f(∆) for an appropriate function f(·) of the degree ∆. Furthermore
the bounds f(∆) in our hardness results almost match the bounds achieved by known efficient
algorithms. Note that a result of this form also implies a factor Ω(f(∆)) inapproximability result
for finding independent sets in degree-∆ bounded (hyper)graphs. The formal result statements
follow. In the following, ∆ (assumed to be a constant) denotes the bound on the degree of the
hypergraphs and n the number of vertices.

For r-uniform hypergraphs, a simple randomized algorithm finds an independent set of size

Ω( n
∆1/(r−1) ) [1]. We prove the NP-hardness of finding independent sets larger thanO

(
n
(

log ∆
∆

)1/(r−1)
)

even for 2-colorable r-uniform hypergraphs when r > 4. To the best of our knowledge, such

a Ω
((

∆
log ∆

)1/(r−1)
)

hardness result for independent sets on degree-∆ bounded r-uniform hy-

pergraphs was not known. Also, the factor (log ∆)1/(r−1) slack in our hardness result (com-
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pared to the algorithmic bound of n
∆1/(r−1) ) is inherent, assuming P 6= NP and a conjecture of

Frieze and Mubayi [7] on the existence of independent sets in hypergraphs with forbidden sub-
graphs. Our work highlights a natural open question on finding o(∆1/(r−1))-factor approximation
for independent set on such hypergraphs (see Remark 1).

Turning to graphs, the famous algorithm of Karger, Motwani and Sudan (KMS) finds an inde-
pendent set of size Ω

(
n

∆1−2/k
√

log ∆

)
in a k-colorable degree-∆ bounded graph. Assuming Khot’s

2-to-1 Conjecture [13], and using a construction (albeit with a different analysis) from the authors’
hardness result for Maximum k-Colorable Subgraph [9], we show that the performance of the KMS
algorithm is nearly best possible. Formally, we prove that for some absolute constant c 6 4, it is
hard to find an independent set larger than O

(
n

∆1−c/(k−1)

)
in a k-colorable graph for k > 7.

For 3-uniform hypergraphs, our results for 2-colorable hypergraphs mentioned above do not
apply. This is for a good reason, since there are algorithms to find an independent set of size about
n/∆1/8 in the 2-colorable case. For 2-colorable 3-uniform hypergraphs, we obtain a conditional
hardness results based on the Unique Games Conjecture (UGC) [13]. Due to the nature of this
conjecture, our result only shows hardness for (2, ε) semicolorable hypergraphs. Using a SDP
based algorithm, it was shown by several authors [1, 4, 15] how to find an independent set of size
Ω̃(n∆−1/8) in 2-colorable 3-uniform hypergraphs. By analyzing an appropriate dictatorship test
using tools from Gaussian Noise Stability [16], we show that this performance is essentially best
possible (up to logO(1) ∆ factors).

Since a 2-colorable hypergraph in particular has an independent set of size n/2, our result shows
the hardness of finding non-trivial independent sets in such hypergraphs. Once a hypergraph
has an independent set of size at least (1 − 1/r + γ)n for some constant γ > 0, the factor-r
approximation algorithm for vertex cover on r uniform hypergraphs gives an efficient algorithm to
find an independent set of size rγn = Ω(n). In the quest to pin down the largest α for which strong
hardness results apply for finding independent sets in r-uniform hypergraphs which are promised to
have an independent set of αn, we show that even if there is an independent set of size n

(
1− log r

r

)
,

it is hard (under UGC) to find independent sets larger than O
(
n
( log ∆

∆

)1/(r−1)
)

.

1.2 Proof methods

Our main technique involves combining certain “robust” hardness results for independent sets on
graphs or hypergraphs of small chromatic number (with no restrictions on the degree) with a
sparsification procedure to reduce the degree of the graph. The “robustness” refers to the fact that
in the soundness case, not only is there no independent set of size γn (for any desired γ > 0),
but every set of size γn contains a constant fraction α(γ) of the total number of edges in the
graph. This approach was used for the results shown in [2] to establish hardness of approximating
independent set size on degree-∆ bounded graphs within a Ω

(
∆

log2 ∆

)
factor assuming UGC. In

the soundness analysis of these density arguments, we use a soft decoding type approach to argue
about the existence of a good labeling, unlike the usual thresholding-based approach.

This paper extends the results shown in [2] in several directions. The results from [2] are
conditioned on UGC and only apply to graphs with big independent sets. Moreover they do
not shed light on the approximation guarantee possible for k-colorable graphs. In this work, we
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borrow their sparsification procedure and combine it with different robust hardness results for
finding independent sets in graphs and hypergraphs with small chromatic number. Some of these
robust hardness results for independent set (e.g. the one for 2-colorable 4-uniform hypergraphs) are
borrowed directly from the literature, and the others (e.g. for k-colorable graphs and 2-semicolorable
3-uniform hypergraphs) are shown in this paper. Our final quantitative results show that it is not
possible to beat the performance of the known coloring algorithms (up to some small factors) as
a function of the degree. Some of our hypergraph results do not rely on any conjecture, and the
result for k-colorable graphs relies on the 2-to-1 Conjecture [13]. Also conditioned on UGC, we
show hardness results for hypergraphs which have extremely large independent sets.

2 Independent sets in 2-colorable hypergraphs

Our first result is an unconditional NP-hardness result for 2-colorable r > 4-uniform hypergraphs.
The next result uses the 2-to-1 Conjecture for proving a similar result on k-colorable graphs. Both
of these results are based on the idea of proving a certain density property and then using this
to show that a simple sparsification procedure based on random sampling of (hyper)edges will not
produce a big independent set. We first introduce the sparsification procedure. We then use it to
first give the results on hypergraphs as it is easier and unconditional.

2.1 Sparsification Procedure

Both of our hardness results use a random sampling based sparsification procedure which relies on
the underlying hypergraph having a certain density property, as outlined in [2].

For a given set S, we will denote x ∼ S as choosing an element of S uniformly at random. We
now give the density definition:

Definition 2.1. Let H be an r-uniform hypergraph H = (V (H), E(H)), with r > 2. Density of a
set U ⊆ V on H is defined as

DensityH [U ] , Pre∼E(H) [e ⊆ U ] .

In other words, density is the probability that a randomly selected hyperedge will lie completely inside
this set.

Moreover H is said to be (α, γ)-dense if for every S ∈
(
V
α|V |
)
, DensityH [S] > γ.

We construct H ′ = (V,E′) by randomly sampling β fraction of edges with replacement, so that
|E′| = β|E|. The new graph H ′ inherits any (semi)coloring properties of the original hypergraph
H. First, we introduce the definition of semicolorability:

Definition 2.2. An r-uniform hypergraph G is called (k, ε) semicolorable if there is a k-coloring
of the vertices in G such that all but at most ε-fraction of edges are monochromatic.

Observation 2.3. If H is (k, ε)-semicolorable, H ′ is also (k, ε)-semicolorable.

Lemma 2.4. If H is (µ, µλ/3)-dense, then H ′ has no independent set of size µn with probability
1
2 for the choice β|E| = Θ(nh(µ)µ−λ), where h(µ) = −µ logµ− (1− µ) log(1− µ).
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Proof. Consider a fixed subset U . There are at least |E|µλ many hyperedges completely inside U .
The probability that U is an independent set in H ′ is given by (1− µλ/3)β|E| ≈ exp

(
−µλβ|E|/3

)
.

Taking union probability over all such subsets, the probability of having a size µn-independent set
is: (

n

µn

)
exp(−βµλ|E|/3) = exp

(
O
(
nh(µ)− µλβ|E|/3

))
.

For suitable β|E| = Θ(nh(µ)µ−λ), this probability is 6 1
2 .

The average degree of a vertex in H ′ is ∆avg = O (β|E|/n) = O(h(µ) µ−λ). By a simple Chernoff
bound, it is easy to see that PrE′ [∆u > 2∆avg] 6 exp(−∆avg) = o(µ) where ∆u is the degree of
vertex u in H ′. We can remove all such vertices, as there is no independent set of size µn−o(µn) in
H ′. Hence we can make sure that in the final hypergraph, all vertices have degree ∆u 6 2H(µ)µ−λ.

As a summary, we have the following lemma:

Lemma 2.5. Given positive reals, µ, λ, for any r-uniform hypergraph H = (V,E), in polyno-
mial time, we can construct an r-uniform hypergraph H ′ = (V,E′) with maximum degree ∆ =
O(h(µ) µ−λ) such that:

• Completeness: If H is k-colorable, then H ′ is k-colorable also.

• Soundness: If H is (µ, µ
λ

3 )-dense, then H ′ has no independent set of size µn/2.

In order to avoid repeating calculations, we summarize how to relate the degree bound with
independent set inapproximability in the following corollary, whose proof appears in Appendix A.

Corollary 2.6. Given an r-uniform hypergraph H = (V,E), any positive constant ε > 0, λ > 1 and
∆ some large integer, there exists a constant µ = µ(∆, λ) and an r-uniform hypergraph H ′ = (V,E′)
with maximum degree ∆ such that:

• Completeness: If H is (k, ε)-semicolorable, then H ′ is (k, ε)-semicolorable also.

• Soundness: If H is (µ, µ
λ

3 )-dense, H ′ has no independent set of size O
(
n
(

log ∆
∆

)1/(λ−1)
)

.

2.2 Results for 2-Colorable r-Uniform Hypergraphs

For this result, we will use the PCP verifier given by Holmerin [11] for Vertex-Cover hardness
on 4-uniform hypergraphs, which we will then extend to higher uniformities by a simple direct
product. Notice that this is the same PCP verifier originally used by Guruswami et al. [8] for
proving hardness of approximate 4-uniform hypergraph coloring. The following is a simple corollary
of the results from these papers [8, 11]:

Theorem 2.7. For any µ > 0 and small enough 0 < δ = o(µ4), the following holds: Given a
4-uniform hypergraph H = (V,E) on n vertices, it is NP-hard to distinguish if

• H is 2-colorable or,
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• H is (µ, µ4 − δ)-dense.

In other words, it is NP-hard to find a subset with size µn of vertices such that at most (µ4 − δ)-
fraction of the edges lie completely inside that set even when the hypergraph is 2-colorable. In
particular, it is hard to find independent set of size µn.

Proof. Consider Test FHS-δ given in [11] (Proposition 3.14), where there is a vertex corresponding
the entry in each table, Au(f). For every query of the form (Aw1(g1), Aw1(h1), Aw2(g2), Aw2(g2)),
there is a hyperedge on the corresponding set of vertices. Notice that in [8], it is proven that for
this hypergraph will be 2-colorable if the underlying instance φ is satisfiable. Also it can easily be
shown that the hypergraph produced will have all vertex degrees equal.

For the second part, assume that φ is not satisfiable and there is a set U with |U | = µn such that
Pre∼E [e ⊆ U ] < µ4 − δ. Let f : V → {0, 1} be the indicator function for this set. Arithmetizing
the density:

Pre∼E [e ⊆ U ] = Ee∼E

[∏
v∈e

f(v)

]
which is the rejection probability of Test FHS-δ on proof given by g = 2f − 1. Since g is (2µ− 1)-
balanced, by Proposition 3.15 in [11], φ is satisfiable since Pre∼E [e ⊆ U ] 6 µ4 − δ, which is a
contradiction.

A simple extension of the above argument gives a similar result for hypergraphs with uniformities
> 4.

Lemma 2.8. For all δr > 0 and r > 4, the following holds: Given an r-uniform regular hypergraph
H = (V,E) on n vertices, it is NP-hard to distinguish if

• H is 2-colorable or,

• H is (µ, µr − δr)-dense .

Proof. We will prove by induction on r. For r = 4, the result is given above. Assume for r > 4,
the decision problem is hard for δr. Let δr+1 = δrµ . Given any r-uniform regular hypergraph
H(r) = (V,E(r)) , construct a new (r + 1)-uniform hypergraph H(r+1) = (V,E(r+1)) on the same
vertex set with the hyperedges defined as follows: For every v ∈ V , and every e ∈ E(r) such that
v /∈ e, add edge ev = e ∪ {v} to E(r+1). Since all vertices had same degree in H(r), they have the
same degree in H(r+1) also. Moreover if H(r) is 2-colorable, H(r+1) is 2-colorable also, as its edges
strictly contain at least an edge from E(r).

Assume there is a set U ∈
(

[n]
µn

)
with DensityU

[
H(r+1)

]
6 µr+1 − δr+1. This implies

µr+1 − δr+1 > Pre∼E(H(r+1)) [e ⊆ U ] = Pre′∼E(H(r)),v∼V \e′ [e ⊆ U ∧ v ∈ U ]

> Pre′∼E(H(r)) [e ⊆ U ] Prv∼V \e′ [v ∈ U ]

> DensityU

[
H(r)

]
µ

µr − δr > DensityU

[
H(r)

]
.
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The first inequality follows because all vertices have same degree. This means the decision problem
on H(r+1) implies the decision problem on H(r), which is hard by our induction hypothesis.

On this hypergraph, we can directly apply Corollary 2.6 and obtain the following:

Theorem 2.9. For any integer r > 4 and integer constant ∆, given an r-uniform hypergraph,
with maximum degree ∆, it is NP-hard to decide whether if this hypergraph is 2-colorable or largest
independent set size is O

(
n
( log ∆

∆

)1/(r−1)
)

.

Proof. Given an r-uniform hypergraph instance H from Lemma 2.8 we can construct another
hypergraph H ′ using Corollary 2.6 with λ = r. Completeness follows from how 2-colorability
feature is preserved in all transformations. Soundness follows because if there is no independent
set of size O

(
log1/(r−1) ∆

∆1/(r−1) n
)

, H is not (µ, µr − δ)-dense for small enough δ.

Remark 1. The corollary is tightly related to a conjecture of Frieze and Mubayi [7], which (re-
stated for suitability to our problem) says that r-uniform K2r−1-free hypergraphs (K2r−1 is the
hypergraph clique on 2r − 1 vertices) with maximum degree ∆ have an independent set of size at

least crn
(

log ∆
∆

) 1
r−1 . Since any 2-colorable hypergraph is K2r−1-free, their conjecture implies that

our hardness result is tight (assuming P 6= NP).

3 Independent sets in k-colorable graphs

For this result, we will use the verifier given by Guruswami and Sinop [9] for the Maximum k-
Colorable Subgraph problem. The difference is that we analyze density properties instead of es-
timating the fraction of miscolored edges. First we will give some definitions and introduce the
d-to-1 Conjecture which is needed for this hardness result.

3.1 Preliminaries

We begin by reviewing some definitions and the d-to-1 Conjecture.

Definition 3.1. An instance of a bipartite Label Cover problem represented as L = (U, V,E,W,RU , RV ,Π)
consists of a weighted bipartite graph over node sets U and V with edges e = (u, v) ∈ E of non-
negative real weight we ∈W and

∑
ewe = 1. RU and RV are integers with 1 6 RU 6 RV . Π is a col-

lection of projection functions for each edge: Π = {πvu : {1, . . . , RV } → {1, . . . , RU}
∣∣u ∈ U, v ∈ V }.

A labeling ` is a mapping ` : U → {1, . . . , RU}, ` : V → {1, . . . , RV }. An edge e = (u, v) is satisfied
by labeling ` if πe(`(v)) = `(u). We define the value of a labeling as sum of weights of edges satisfied
by this labeling normalized by the total weight. Opt(L) is the maximum value over any labeling.

Definition 3.2. A projection π : {1, . . . , RV } → {1, . . . , RU} is called d-to-1 if for each i ∈
{1, . . . , RU}, |π−1(i)| 6 d. It is called exactly d-to-1 if |π−1(i)| = d for each i ∈ {1, 2, . . . , RU}.

Definition 3.3. A bipartite Label-Cover instance L is called d-to-1 Label-Cover if all projection
functions, π ∈ Π are d-to-1.
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Conjecture 3.4 (d-to-1 Conjecture [13]). For any γ > 0, there exists a right regular d-to-1 Label-
Cover instance L with RV = R(γ) and RV /d 6 RU 6 RV many labels such that it is NP-hard to
decide between two cases, Opt(L) = 1 or Opt(L) 6 γ. Note that although the original conjecture
involves d-to-1 projection functions, we will assume that it also holds for exactly d-to-1 functions
(so dRV = RU ) as in [5].

The hardness results for these problems generally rely heavily on Gaussian stability bounds.
We will include here the form we use in this paper. We use the same notation as Mossel [16]. Let
φ(x) , (2π)−1/2 exp(−x2/2) and N(x) ,

∫ x
−∞ φ(x)dx.

Definition 3.5. For µ, ν ∈ [0, 1] and ρ ∈ [−1, 1], Gaussian stability bound is defined as:

Γρ(µ, ν) , Prx,y
[
x < N−1(µ) ∧ ρx+

√
1− ρ2y > N−1(1− ν)

]
.

In this expression, x and y are independent normal variables with mean 0, variance 1 and N−1(x)
is the inverse cumulative normal distribution.

Given (ρ1, . . . , ρk−1) ∈ [0, 1]k−1, and (µ1, . . . , µk) ∈ [0, 1]k for k > 3, we define, inductively,

Γρ1,...,ρk−1
(µ1, . . . , µk) , Γρ1(µ1,Γρ2,...,ρk−1

(µ2, . . . , µk)).

In Dinur et al. [5], the noise stability of two functions with same domains are bounded by the
spectral radius of underlying Markov operator mapping this domain to itself. In [16], the spectral
radius is generalized to correlation constants so as to allow for functions with different domains:

Definition 3.6. Given two finite probability spaces Ω1 and Ω2 with probability distribution P on
Ω1 × Ω2, the correlation between these two spaces is defined as:

ρ(Ω1,Ω2; P) , sup{Cov[f, g] : f ∈ L2(Ω1), g ∈ L2(Ω2),Var[f ] = Var[g] = 1}.

Since this is a supremum over functions of bounded variance, we can further assume that E [f ] =
E [g] = 0.

We will restate the noise stability result of Mossel [16] in the form we use:

Proposition 3.7. [16] Let (
∏k
j=1 Ω(j)

i ,Pi), 1 6 i 6 r be a sequence of finite probability spaces such

that for all 1 6 i 6 r, the minimum probability of any atom in
∏k
j=1 Ω(j)

i is at least α. Assume

furthermore that there exists ρ ∈ [0, 1]k−1 and 0 6 ρ < 1 such that ρ(Ω(1)
i , . . . ,Ω(k)

i ; Pi) 6 ρ, and

ρ(Ω({1,...,j})
i ,Ω({j+1,...,k})

i ; Pi) 6 ρ(j) (1)

for all i, j. Then for every ε > 0, there exists τ > 0 and κ = κ(τ, α) > 0 such that if fj :∏n
i=1 Ω(j)

i → [0, 1] for 1 6 j 6 k satisfy maxi,j(Inf6κ
i (fj)) 6 τ then it holds that

Γρ(E [f1] , . . . ,E [fk])− ε 6 E
[ k∏
j=1

fj
]
. (2)

If instead of Condition 1, all Pi are pairwise independent, then
∏k
j=1 E [fj ]− ε 6 E

[∏k
j=1 fj

]
.

We will use the following estimate. Its proof appears in Appendix B:

Lemma 3.8. For ρ > 0, λ > 1 and small enough µ > 0, Γρ(µ, µλ) = Ω

(
µ

1+λ+2
√
λρ

1−ρ2√
ln 1/µ

)
.

7



3.2 Reduction from 2-to-1 Label Cover

The following lemma is based on a PCP verifier from Guruswami and Sinop [9]. Usually soundness
analysis is performed by thresholding the influential coordinates for each vertex and then choosing a
label from these. As mentioned in the introduction, we use a randomized decoding procedure based
on influences for soundness analysis. This is almost equivalent to H̊astad’s decoding procedure in
his classic paper [10]. We are interested in keeping the exponents as small as possible, which is not
possible with usual thresholding based decoding methods. Also this decoding procedure makes the
analysis bit more transparent.

Lemma 3.9. Given any integer k > 6, any constant µ > 0, there exists a constant γ′ = γ′(µ, k)
such that for any 2-to-1 Label-Cover instance L, it is possible to construct a graph G on vertex set
V (L)× [k]R with the following properties:

• Completeness: If L is satisfiable, then G is k-colorable.

• Soundness: If Opt(L) < γ′, then G is
(
µ,Ω

(
µ

2/(1− c
k−1

)

√
ln(1/µ)

))
-dense for some 1 6 c 6 4

Proof. Consider the graph constructed from L by the verifier in Section 3.4 of [9]. Completeness
of this verifier is already proven in [9]. For the soundness part, assume that there is an indicator
function f(v, x) : V × [k2]R → {0, 1} with E [f ] > µ and fraction of edges inside is γ 6 1

3Γρ(T )(µ, µ).
Here ρ(T ) = c

k−1 corresponds to the spectral radius of Markov operator T from that construction
with c 6 4 is a positive real. We will show it is possible to construct a good labeling for L from
this f . After arithmetization:

Eu∼U
[
Ev,v′∼δ(u)

[
Ex∼[k]2r,y∼T⊗rx

[
f(v, x) · f(v′, y)

]]]
= γ 6 Γρ(T )(µ, µ)/3 (3)

where δ(u) denotes the neighbors of u. As usual, if we let gu(x) = Ev∼Γ(u) [f(v, x)], we have
Eu,x [gu(x)] = Eu [µu] > µ. Here if x ∈ [k]2r, then x ∈ [k2]r with xi = x2i−1 + kx2i.

Let ε , Γρ(T )(µ, µ)/3 = Ω
(
µ

2/(1− c
k−1

)

√
ln(1/µ)

)
with corresponding κ(ε, µ) and τ(ε, µ) from noise

stability proposition. Consider the following labeling, `: Label each v ∈ V (resp. u ∈ U) using i ∈
{1, . . . , 2R} (resp. j ∈ {1, . . . , R}) with probability Inf62κ

i (f(v))/(2κ) (resp. Inf6κ
j (gu)/κ). With

the remaining probability, assign arbitrary label. Since for any function h,
∑

j Inf6d
j (h) 6 dVar[h]

and that Var[f(v)],Var[g] 6 1, this is a valid probability distribution. Given a vertex u ∈ U ,
without loss of generality, assume πvu(2i−1) = πvu(2i) = i. The fraction of satisfied edges incident
to this vertex u is given by the following expression:

Prv∈δ(u) [`(v) ∈ {2`(u), 2`(u) + 1}] >
1

2κ2
Ev∈δ(u)

[
r∑
i=1

Inf6κ
i (gu)

(
Inf62κ

2i−1(f(v)) + Inf62κ
2i (f(v))

)]

>
1

2κ2

r∑
i=1

Inf6κ
i (gu)Ev∈δ(u)

[
Inf62κ

2i−1(f(v)) + Inf62κ
2i (f(v))

]
>

1
2κ2

r∑
i=1

Inf6κ
i (gu)

1∑
k=0

Inf62κ
2i−kEv∈δ(u) [f(v)] >

1
2κ2

r∑
i=1

Inf6κ
i (gu)2,

8



where we used the convexity of Inf and the fact that for two functions h1(x) = h2(x), under the
uniform distribution, Inf6d

i (h1) 6 Inf62d
2i−1(h2) + Inf62d

2i (h2).

Using the noise stability result from Proposition 3.7 and the fact that the spectral radius of
T , ρ = ρ(T ) 6 c

k−1 is the correlation constant, if Ex,y∼T [gu(x)gu(y)] 6 Γρ(T )(µu, µu) − ε, then∑
i Inf6κ

i (gu)2 > τ2. Otherwise
∑

i Inf6κ
i (gu)2 > 0 . Here we used µu = Ex [gu(x)]. Therefore∑

i

Inf6κ
i (gu)2 >τ2

[
Γρ(T )(µu, µu)− ε− Ex,y∼T [gu(x)gu(y)]

]
Eu

[∑
i

Inf6κ
i (gu)2

]
>τ2Eu

[
Γρ(T )(µu, µu)− ε− Ex,y∼T [gu(x)gu(y)]

]

>τ2

Eu

Ω

 µ
2/(1− c

k−1
)

u√
ln(1/µu)

− ε− Eu [Ex,y∼T [gu(x)gu(y)]]


>Ω

(
τ2µ

2/(1− c
k−1

)√
ln(1/µ)

)
.

In the last line, we appealed to the convexity of Ω
(
µ

2/(1− c
k−1

)

√
ln(1/µ)

)
and Equation 3. Hence this labeling

will satisfy at least a constant (independent of n and R) fraction of edges. Taking γ′ appropriately,
we see that if the initial label cover instance L was not satisfiable beyond γ′, then no such set can
exist.

Theorem 3.10. For any integer k > 6 and integer constant ∆, given a graph G with maximum
degree ∆, it is NP-hard to decide whether if it is k-colorable or largest independent set size is
Õ∆

(
n∆−1+c/(k−1))

)
assuming the 2-to-1 Conjecture, for some constant c 6 4.

Proof. Given a regular graph instance G from Lemma 3.9, we can construct another graph G′ using
Corollary 2.6 with λ = 2/(1− ρ) with ρ 6 c

k−1 being the correlation constant. In this new graph,
if there is no such independent set, this implies H is not (µ, µ2/(1−ρ))-dense, which is NP-hard to
decide under the 2-to-1 Conjecture.

4 2-Semicolorable 3-Uniform Hypergraphs

In this section, we give a similar result to the previous result, but assuming only semicolorability.
In this context, we say a hypergraph is 2-semicolorable if there exists a 2-coloring of the graph
which leaves at most ε-fraction hyperedges monochromatic. Our reduction is conditioned on the
Unique Games Conjecture, which is the primary reason for losing the perfect completeness. UGC
is very similar to the d-to-1 Conjecture introduced above with d = 1 and the perfect completeness
is replaced with 1− ε completeness.

Conjecture 4.1 (Unique Games Conjecture [13]). For any γ > 0, ε > 0, there exists a right
regular 1-to-1 Label-Cover instance L with R = R(γ, ε) many labels such that it is NP-hard to
decide between two cases, Opt(L) > 1− ε or Opt(L) 6 γ.

9



4.1 The Not-All-Equal test

Given a Unique Games instance L, our verifier is:

1. Choose u ∼ U , and three vertices v1, v2, v3 independent at random from the neighbors of v.

2. Choose x, y, z ∈ {0, 1}R such that for each i ∈ [R], (xi, yi, zi) are drawn uniformly at random
from the NAE = {(0, 0, 1), (0, 1, 0), (1, 0, 0), (0, 1, 1), (1, 0, 1), (1, 1, 0)}

3. Accept iff Not-All-Equal(f(u1, x), f(u2, y), f(u3, z)).

In soundness analysis, we will bound the density property of this verifier using a generalized
noise stability theorem of Mossel [16]. We will first compute the correlation constant, ρ, for the
probability space of accepting predicates of Not-All-Equal.

Lemma 4.2. The correlation between probability spaces XY := {0, 1}R×{0, 1}R and Z := {0, 1}R,
is ρ(XY,Z) =

√
3

3 and ρ(X,Y ) = 1
3 .

Proof. First observe that our distribution is invariant under permutations.

ρ(XY,Z) = sup{Cov[f, g] : f ∈ L2({0, 1}2), g ∈ L2({0, 1}),Var[f ] = Var[g] = 1}

= sup
f,g,E[f ]=0,E[g]=0,Var[f ]=1,Var[g]=1

f(00)g(1) + [f(01) + f(10)]

0︷ ︸︸ ︷
[g(0) + g(1)] +f(11)g(0)

6

= sup
f,g,E[f ]=0,E[g]=0,Var[f ]=1,Var[g]=1

f(00)g(1) + f(11)g(0)
6

This last expression is maximized when f(00)g(1) > 0, f(11)g(0) > 0 and f(01) = f(10) = 0. Thus
we have Var [f ] = 1 =⇒ f(11) = −

√
6− f(00)2. Similarly g(1) = −

√
2− g(0)2. Hence

ρ(XY,Z) = max
f(00),g(0)

−
f(00)

√
2− g(0)2 +

√
6− f(00)2g(0)

6

This is maximized for f(00) = −
√

3 and g(0) = −1, so ρ(XY,Z) =
√

3/3.

Similarly, for ρ(X,Y ), we have

ρ(X,Y ) = sup{Cov[f, g] : f ∈ L2({0, 1}), g ∈ L2({0, 1}),Var[f ] = Var[g] = 1}

= sup
f,g,E[f ]=0,E[g]=0,Var[f ]=1,Var[g]=1

f(0)g(0) + 2(f(0)g(1) + f(1)g(0)) + f(1)g(1)
6

= sup
f,g,E[f ]=0,E[g]=0,Var[f ]=1,Var[g]=1

f(0)g(1) + f(1)g(0) +

0︷ ︸︸ ︷
(f(0) + f(1))(g(0) + g(1))
6

=
1
3

(f(0) = −f(1) = −g(0) = g(1) = −1).
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4.2 Reduction from Unique Games

The following lemma gives us the necessary density argument so as to make the sparsification
procedure go through.

Lemma 4.3. Given any positive reals µ, ε, there exists γ′(µ, ε) > 0, such that for any Unique Games
instance L, it is possible to construct a 3-uniform hypergraph G on vertex set V (L)× {0, 1}R with
the following properties:

• Completeness If Opt(L) > 1− ε/3, then G has a (2, ε)-semicoloring.

• Soundness If Opt(L) 6 γ′, then G is
(
µ,Ω

(
µ9/ ln(1/µ)

))
-dense.

Proof. Consider the queries of verifier described above. Each query can be thought of as a 3-uniform
edge. For the completeness part, assume we are given an labeling which satisfies 1 − ε/3 fraction
of the constraints in L. The corresponding dictator functions will pass the Not-All-Equal test with
probability (1− ε/3)3 > 1− ε. In other words, the long codes will form a (2, ε)-semicoloring for the
resulting 3-uniform hypergraph.

For the soundness part, consider an indicator function f(v, x) : V × {0, 1}R → {0, 1} with
E [f ] > µ having density γ 6 1

3Γ“√
1/3,1/3

”(µ, µ, µ). Let ε = 1
3Γ“√

1/3,1/3
”(µ, µ, µ) and κ,τ be the

corresponding parameters from noise stability. After arithmetization:

Eu∼U
[
Ev1,v2,v3∼δ(u) [Ex,y,z [f(v1, x) · f(v2, y) · f(v3, z)]]

]
= γ.

As usual, let gu(x) = Ev∼δ(u) [f(v, x)]. Pick label i for each vertex with probability Inf6κ
i /κ (pick

arbitrary label with remaining probability). For the same reasons with k-colorability case, this is a
valid probability distribution. Using the same arguments, we can show that the fraction of satisfied
edges for fixed u ∈ U is (after ordering labels so that πuv(i) = i):

Prv∈δ(u) [`(v) = `(u)] >
1
κ2

r∑
i=1

Inf6κ
i (gu)2.

Using the noise stability result from Theorem 3.7 and correlation constants of this test, if

Ex,y,z [gu(x)gu(y)gu(z)] 6Γ“√
1/3,1/3

”(µu, µu, µu)− ε = Γ√
1/3

(µu,Ω(µ3
u/
√

ln(1/µu)))− ε

6Ω(µ9
u/ ln(1/µu))− ε,

then
∑

i Inf6κ
i (gu)2 > τ2. Otherwise

∑
i Inf6κ

i (gu)2 > 0 (µu = Ex [gu(x)]). Therefore∑
i

Inf6κ
i (gu)2 >τ2

{
Ω(µ9

u/ ln(1/µu))− ε− Ex,y,z [gu(x)gu(y)gu(z)]
}

Eu

[∑
i

Inf6κ
i (gu)2

]
>τ2

{
Eu
[
Ω(µ9

u/ ln(1/µu))
]}
− ε− γ > Ω(τ2µ9/ ln(1/µ)).

Taking γ′ = Ω(τ2κ−2µ9/ ln(1/µ)) shows that a good labeling exists.
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Theorem 4.4. Assuming UGC, the following holds: For any constant ε > 0 and integer constant
∆, given a 3-uniform hypergraph G with maximum degree ∆, it is NP-hard to decide whether if it
is (2, ε)-semicolorable or largest independent set size is Õ∆

(
n∆−1/8

)
.

Proof. As usual, given a 3-uniform hypergraph instance H from Lemma 4.3, we can construct
another hypergraph H ′ using Corollary 2.6 with λ = 9. In this new graph, if there is no such
independent set, this implies H is not (µ,Ω(µ9/ ln(1/µ)))-dense.

Remark 2. Up to poly log ∆ factors, this result is tight. See [1, 4, 15].

5 r-Uniform Hypergraphs with Small Vertex Covers

In the previous sections, we gave strong inapproximability results for independent sets on bounded
degree 2-colorable (or 3-colorable) hypergraphs. A natural question is how far can we push in the
other direction: What is the best inapproximability we can get when all but a small fraction of
vertices form an independent set? We know that when there is an independent set of size greater
than n(1−1/r+ δ), we can find one of size at least rδn (by finding an r-approximate vertex cover).
Although we do not obtain results for this case, we will present results for the case of hypergraphs
which have an independent set of size n(1−O( log r

r )− ε). Our formal result is the following.

Theorem 5.1. Assuming UGC, the following holds: For all large enough integer constants r,∆,
given an r-uniform hypergraph G with maximum degree ∆, it is NP-hard to decide whether G has

an independent set of size n
(

1−O
(

log r
r

))
or no independent set of size O

(
n
(

log ∆
∆

) 1
r−1

)
.

Our proof uses the following “independent set” version of the Unique Games Conjecture, which
is shown to be equivalent to the original one by Khot and Regev [14]:

Conjecture 5.2. For any γ > 0, ε > 0, there exists a right regular 1-to-1 Label-Cover instance L
with R = R(γ, ε) many labels such that it is NP-hard to decide between two cases:

1. Completeness There is a set V ′ ⊆ V with |V ′| > (1−ε)|V | and a labeling function ` : U ∪V →
[R] which has `(u) = πv→u(`(v)) for every edge (u, v) with u ∈ U and v ∈ V ′.

2. Soundness Opt(L) 6 γ.

First, we state the properties of a certain distribution whose existence is proved by Benjamini et al.
(Theorem 27 from [3]):

Theorem 5.3. There exists a pairwise independent distribution D on {0, 1}r with the following
properties:

1. Prx∼D [x = 1] = 0.

2. For all i ∈ {1, . . . , r}, Prx∼D [xi = 1] = 1−O
(

log r
r

)
.
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Our verifier will, given a Unique Games instance L, make queries in the usual way:

1. Choose vertex u ∼ U ,

2. Choose v1, . . . , vr ∼ Γ(u),

3. Choose x1, . . . , xr ∼ D,

4. Reject iff f(v1, πv1→u(x1)) = . . . = f(vr, πvr→u(xr)) = 1.

Due to the biased nature of this test, all vertices (v, x) have associated weights wt(v, x) =
(1 − ρ)wt(x)ρr−wt(x). Here wt(x) is the number of 1’s in string x and ρ = O(log r/r). Note that it
is easy to go back to the unweighted instances by simply duplicating each vertex proportional to
its weight as observed by Dinur and Safra [6].

Lemma 5.4. For any r > C, ε > 0 and µ > 0, there exists γ′(µ, ε) > 0, such that for any Unique
Games instance L, it is possible to construct an r-uniform hypergraph G on vertex set V (L)×{0, 1}R
with the following properties:

• Completeness If there is a set V ′, |V ′| > |V |(1 − ε) as described in the completeness part of
Conjecture 5.2, then G has an independent set of size n

(
1−O

(
log r
r

))
.

• Soundness If Opt(L) 6 γ′, then G is (µ, µr/3)-dense.

Proof. Completeness part is easy to see. Given a good labeling function ` with set V ′, let

f(v, x) =

{
x`(v) if v ∈ V ′,
0 else.

Assume that f−1(1) is not an independent set. Then ∃u ∈ U with v1, . . . , vr ∈ V ′ such that
x`(vi) = 1 and (u, vi) are all constraint edges. But we have πvi→u(`(vi)) = πvj→u(`(vj)), which is
impossible due to the first property of distribution D.

For the soundness part, the procedure is exactly same with 3-uniform 2-semicolorability case.
We will only point out the differences. Assume we are given a set of size µ with density 6 1

3µ
r. We

also pick ε = 1
3µ

r. Using the stability bounds for pairwise independent functions, at the last step,
we obtain that the value of this labeling is at least τ2κ−2

[
Eu [µru]− 2

3µ
r
]
. For r > 2, µru is convex,

hence Eu [µru]− 2
3µ

r > µr/3. Thus we take γ′ = τ2κ−2µr/3 which completes the proof.

Theorem 5.1 now follows by combining Lemma 5.4 and Corollary 2.6.
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A Proof of Corollary 2.6

Corollary 2.6 (restated) Given an r-uniform hypergraph H = (V,E), any positive constant ε > 0,
λ > 1 and ∆ some large integer, there exists a constant µ = µ(∆, λ) and an r-uniform hypergraph
H ′ = (V,E′) with maximum degree ∆ such that:

• Completeness: If H is (k, ε)-semicolorable, then H ′ is (k, ε)-semicolorable also.

• Soundness: If H is (µ, µ
λ

3 )-dense, H ′ has no independent set of size O
(
n
(

log ∆
∆

)1/(λ−1)
)

.

Proof. Choose µ =
(

∆
log ∆

)1/(1−λ)
. For large enough ∆, (1− µ) log(1− µ) > −µ/2.

−µ logµ =
1

λ− 1

(
logλ ∆

∆

)1/(λ−1)

− log log ∆
λ− 1

(
log ∆

∆

)1/(λ−1)

.

h(µ) = −µ logµ− (1− µ) log(1− µ)

6
1

λ− 1

(
logλ ∆

∆

)1/(λ−1)

− log log ∆
λ− 1

(
log ∆

∆

)1/(λ−1)

+
1
2

(
log ∆

∆

)1/(λ−1)

6
1

λ− 1

(
∆

logλ ∆

)1/(1−λ)

.

Applying the sparsification procedure from Lemma 2.5, we obtain another hypergraph H ′ with
degree of any node, ∆u satisfying

∆u 6 2h(µ)µ−λ = O
(

∆1/(1−λ)
(

log−λ/(1−λ) ∆
)

∆−λ/(1−λ)
(

logλ/(1−λ) ∆
))

= O(∆).

Consequently, using the previous lemma, if H ′ has an independent set of size Ω
(
n
(

∆
log ∆

)1/(1−λ)
)

,

then H is not (µ, µλ/3)-dense.

B Gaussian Stability Estimates

Lemma B.1. For ρ > 0, λ > 1 fixed constants, and small enough µ > 0, we have

Γρ(µ, µ
λ) = Ω

µ 1+λ+2
√
λρ

1−ρ2√
ln 1/µ


Proof. Let t, t′ be such that N(−t) = µ and N(−t′) = µλ respectively. We know that t =√

2 ln(1/µ)−O(ln ln(1/µ)) For µ < 1
2 , λ > 1, t, t′ > 0. We have the following inequalityN(−

√
λt) =
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O
(
N(−t)λ

√
ln 1/N(t)

λ−1)
= O

(
µ
(
µ
√

ln 1/µ
)λ−1

)
= O(N(−t′)

√
ln(1/N(−t))). Hence N(−

√
λt)√

ln(1/N(−t))
=

O(N(−t′)).
Thus;

Γρ(µ, µ
λ) =PrX,Y

[
X 6 −t ∧ −ρX +

√
1− ρ2Y 6 −t′

]
=N(−t)PrX,Y

[
−ρX +

√
1− ρ2Y 6 −t′

∣∣X 6 −t
]

=µPrX,Y

[√
1− ρ2Y 6 −t′ + ρX

∣∣X 6 −t
]

>µPrX,Y

[√
1− ρ2Y 6 −t′ + ρX ∧X > −t(1 + ε)

∣∣X 6 −t
]

>µPrX
[
X > −t(1 + ε)

∣∣X 6 −t
]

PrX,Y

[√
1− ρ2Y 6 −t′ + ρX

∣∣X = −t(1 + ε)
]

>µPrX
[
X > −t(1 + ε)

∣∣X 6 −t
]
PrY

[√
1− ρ2Y 6 −t′ − ρt(1 + ε)

]
>µ(1− exp(−t2(ε+ ε2/2)))N(−(t′ + ρt(1 + ε))/

√
1− ρ2)

>µ(1− exp(−t2(ε+ ε2/2)))Ω
(

1
t′ + ρt(1 + ε)

exp(−t2(
√
λ+ ρ(1 + ε))2/[2(1− ρ2)])

)
.

Let ε = 1/t2. Then:

Γρ(µ, µ
λ) >µ(1− exp(−(1 + 1/(2t2))))

Ω
(

1
t′ + ρt(1 + ε)

exp(− t
2

2
(
√
λ+ ρ(1 + ε))2/[(1− ρ2)])

)

>Ω

(
µ√

ln(1/µ)
µ

(
√
λ+ρ)2

1−ρ2

)
= Ω

µ 1+λ+2
√
λρ

1−ρ2√
ln 1/µ

 .
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